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Abstract: Sequential control of running mechanism of MapReduce model on Hadoop platform can lead to waste of com-
puting resources. From the perspective of the fine-grained parallel data processing of each node, combined with
multi-threads technique of Java shared memory, this paper optimizes MapReduce model and puts forward a MapReduce+
OpenMP framework. This model is a distributed and parallel computing architecture based on Hadoop cloud platform,
which combines computing resources of coarse and fine granularity. After programming and realizing on the GPS trajectory
data of the taxi in the Hadoop distributed cluster environment, the results show that this distributed parallel computing
model can really improve the computing efficiency of processing big data set, and it is an effective optimization and
improvement to the MapReduce model of big data processing.
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