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Abstract :In solving the problem of trouble tocating in the case of samples with great difference in their
number for their different varieties the training with C-SVM was undesirably under bias towards those va -
rieties with fe wer samples so that the training accuracy was unsatisfactory -In order toi mproveits accura -
cy -an opti mization algorithm was proposed based on taking different weights for different classes in the
process of training - According to the proportion of positive and negative samples in the total samples ;the
weight for the minor variety with fe wer numbers of samples was increased and the other decreased sso that
the balance bet ween t wo samples varieties was realized - It was showed by experi ments that the proposed

approach could i mprove the accuracy of classification -
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