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Vehicle Detection Algorithm Based on Video SIFT
and HOG Feature Fusion
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Abstract In order to improve the accuracy of vehicle detection under video technology, this paper proposes a combination of
HOG and SIFT features as an extraction algorithm for vehicle detection features, and then the sample data is divided into a training
set and verification set through support vector machine (SVM). Different kernel functions are trained and verified to determine the
optimal kernel function as a Gaussian kernel function. Finally, the trained model is applied to the video files for vehicle prediction.
Finally, the experimental data show that the proposed method improves the sample detection efficiency of the traditional HOG +
SVM, and the detection rate under the Gaussian kernel function is as higher as 98.38%. Vehicle detection results are good when pro-
cessing video files, but the model is still not stable enough, and it is hoped that the training set will continue to improve the algo-
rithm in the future.
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