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Filtering Algorithm Based on Mean Filter and Gradient Influencing Factor
WEI Songtao HE Wensi
( College of Mechanical and Electrical Engineering Lanzhou University of Technology Lanzhou 730050 China)

Abstract: In the mean filtering the neighborhood averaging method is used to filter the image. In this process the noise is reduced
besides the details and edges of the image are destroyed. For this this paper proposes a filtering algorithm based on the mean
filtering algorithm which is used to increase the gradient influencing factor and retain the edge of the image in the filtering thus
reducing the image noise and retaining the edges. Polynomial expansion of the gradient influencing factors can be done thus
reducing the time and complexity of the program. By the experiment and comparison it shows that the improved algorithm can be
used to better protect the image details and edges and achieve better filtering effects.
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