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Abstract In order to reduce energy holes and prolong the network life cycle the mobile sink is an effective way to collect data
collected by nodes in wireless sensor networks. The path planning problem is similar to the traveling salesman problem and there
is no polynomial time solution. An artificial immune algorithm ( AIA) combined with particle swarm optimization ( PSO) is
proposed to find an approximate optimal solution for the path planning problem of mobile sink data collection. Simulation results
show that the proposed algorithm can effectively reduce energy consumption and shorten the traversal path compared with other
algorithms.
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