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Particle Swarm Optimization Particle Filtering Algorithm
Based on Chaotic
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[ Abstract] Particle Swarm Optimization Particle Filtering(PSOPF) algorithm is easy to fall into local optimum, so the particles can not move to the
global optimal location, and reduce algorithm precision. According to this problem, the paper proposes a Particle Swarm Optimization Particle
Filtering based on Chaotic(CPSOPF) algorithm. Through the chaotic search algorithm, this algorithm makes particles find the global optimal
location, dispels particle swarm at local optimum location and makes them move to global optimal location. So the number of effective particles
increases, which can effectively restrain particles degradation and exhaustion. Simulation results show that the CPSOPF algorithm can remarkably
improve the estimation accuracy compared with of the conventional Particle Filtering(PF) and the traditional PSOPF algorithm.
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