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Fast segmentation of sign language video based on cellular neural network

ZHANG Aihua'?" | LEI Xiaoya®, CHEN Xiaolei',
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(1. School of Electrical and Information Engineering, Lanzhou University of Technology, Lanzhou Gansu 730050, China,
2. School of Computer and Communication, Lanzhou University of Technology, Lanzhou Gansu 730050, China)

Abstract: To achieve sign language video coding of region of interest,

and improve call efficiency, a fast segmentation

methodology of sign language video based on Cellular Neural Network (CNN) was proposed. Firstly, the skin regions of sign

language video were detected through corresponding CNN templates by using the skin color information characteristics.

Secondly, CNN based motion detection was carried out on the skin detection results by using interHrame difference algorithm,

and then the initial gesture region could be obtained. Finally, morphological processing methods were employed to fill small

holes and smooth the boundaries of regions,

and eventually the segmentation of the face and hands regions of sign language

video image sequence was realized. The results show that the method can rapidly and accurately segment sign language video.

Key words: Cellular Neural Network (CNN);

sign language; video segmentation; skin color detection; motion detection
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