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Target Detection Algorithm of Gaussian Mixture Model Combined
with HED Network and Double Threshold Segmentation

LI Rui WANG De-zhong

( School of Computer and Communication Lanzhou University of Technology Lanzhou 730000 China)

Abstract: In the process of target detection the GMM is easily interfered by lighting the similarity of target color and back—

ground color target shadow and shooting height. Aiming at the above problems a GMM algorithm is combined with improved
HED network and OTSU double threshold segmentation is proposed. First the improved model divides the background noise and
foreground targets of video frame by double threshold and reasonably selects the number of GMM. Secondly HED network is

used for edge detection of the input images. The “and” operation of edge result detected by the HED network and the GMM detec—

tion result of the double threshold segmentation is completed to obtain the final target detection result. Experimental results show
that the improved algorithm has a higher detection rate a more complete detection profile “and” a better detection effect.
Key words: OTSU double threshold; HED network; edge detectio “and” operation
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