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An Anti-occlusion Object Tracking Algorithm Based on Maximum Posterior Probability
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Abstract: In order to solve the problem of inaccurate judgment of occlusion and low real-time performance under occlusion based on
traditional object tracking algorithm An adaptive feature selection object tracking algorithm based on maximum posterior probability
matching coefficient is proposed in this paper. Firstly the interesting target is described by color and texture feature that extracted by
Local Binary Pattern ( LBP) under the framework of Mean-shift; Secondly the judgment of occlusion degree is decided by the feature
with high reliability using its Maximum Posterior Probability coefficient; Finally according to the degree of occlusion the matching
template is updated by using the Maximum posterior Probability. Experimental results indicate that the proposed algorithm has better
stability and robustness than the traditional M ean-shift algorithm under occlusion scene.
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Fig.2 Peak feature distribution of ball
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Fig.3 Comparisons of peak feature of two indexes under serious occlusion about 179 frame
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Fig.4 Comparisons between the proposed algorithm and the traditional tracking algorithm
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Fig.5 Comparisons betweeen the proposed algorithm and the traditional tracking algorithm
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Fig.6 Change trend of two indexes under occlusion scene
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Fig.7 Tracking error curve under two
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