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Rule Acquisition for Web Logs Based on Rough Set

ZHANG Yong, YANG Zhiyong

(School of Computer & Communication, Lanzhou University of Science and Technology, Lanzhou 730050)

Abstract Presently, acquisition of user browsing is one of the major topics on Web Log mining. According to the important character of user
browsing, a way of applying rough set acquisition rule is presented. Important character is selected as condition properties, then through arithmetic
ultimate rule was acquired, instance analysis effect turns to be well. In this way, just in virtue of simple data pretreatment, simple and effective
access pattern can be obtained.
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