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Study on the impact of network public opinion on the stock market
based on R-language

ZHU Chang-sheng', SUN Xin', FENG Wen-fang”

(1. School of Computer and Communication, Lanzhou Univ. of Tech, Lanzhou 730050, China; 2. School of Economics and Management,
Lanzhou Univ. of Tech, Lanzhou 730050, China)

Abstract; The open source R-language is taken as the platform, the Oriental Fortune Network is taken as
the research object, and the Chinese text mining technique and support vector regression(SVR) model are
incorporated to examine the stock market. By means of Chinese text mining technique, the denoising, word
segmenting, synonyms merging, waste word descarding, TFIDF, and text vectorization are carried out for
the stock review text, the unstructuralized text data is transformed into a structuralized eigenvector ma-
trix, the SVR regression model is established along with the return rate of the stock, and the volatility
trend of stock price is predicted by means of prediction of the future return rate of the stock. The investiga-
tion result shows that the predicted volatility trend of the stock price will basically coincide with the actual
one, and the analysis of network public opinion can be adopted to predict the future developing trend of the
stock market.
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Fig.4 Volatility diagram of actual stock price
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Fig.5 Volatility diagram of predictive stock price
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Fig.6 Difference graph of actual and predicted stock price
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