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Abstract Because of the problems of Shuffled Frog Leaping Algorithm(SFLA) such as local optimality and slow convergence rate, an improved

SFLA is presented. In this algorithm, frog population is initialized with opposition base learning to improve the quality of initial solution. Then the

adaptive inertia weight is introduced to correct frog update strategy which can balance the global search and local search. Simulation results of

experiments on the six classical function show that compared with the SFLA and ISFLA1, the new algorithm optimization ability can be stronger, the

number of iterations less, the solution better, the suitable for high-dimensional optimization of complex functions more.
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