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Abstract With the rapid development of society and technology, how to effectively identify speech emotion has become a hot
topic. In many classification algorithms, Adaboost multi-classification algorithm has a good application effect. The algorithm divides
5 speech emotions (anger, happiness, neutral, sadness and fear) into three layers. It is identified layer by layer from coarse to fine.
Based on Berlin emotional speech database, the speech emotion features are extracted, and the better features are selected as the ex-
perimental data using Fisher criterion. The experimental results show that it is more advantageous to improve the classification per-
formance of Adaboost algorithm by training similar emotions. In addition, Adaboost multi-classification algorithm shows superiority
in comparison with traditional BP and SVM classification models.
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