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Research on fuzzy clustering algorithm based on GSO

LUO Dongsong LI Xiongwei ZHAO Xiaogiang
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Abstract: Fuzzy C-means( FCM) clustering algorithm is one of the most commonly used methods in
data mining such as being sensitive to initial conditions usually leading to local minimum results.
Therefore a new glowworm swarm optimization ( GSO) -based fuzzy algorithm ( GSFM) is put forward in
this paper. GSFM algorithm uses the capacity of global search in GSO algorithm to seek optimal solution
as initial clustering-eenters of FCM algorithm and then use FCM algorithm to optimize initial clustering—
centers so as to get the global optimum. Above all it solves the problems of FCM. According to the
test compared with the FCM clustering algorithm the new algorithm improves the optimization ability of
the algorithm the number of iterations is fewer and the convergence speed is faster. In addition there
is also a large improved at the clustering result.
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